We use EGARCH-M models to examine the co-cyclical nature of stock returns in relation to economic cycles, focusing on three key variables, namely stock return volatility, risk premium and information asymmetry. We incorporate a wider and systematic alley of major global economic events since 1990s to the end of 2011. The main objective is to provide a corroborative evidence of the cyclicality nature of stock return volatility in the global context, and to present a consolidated volatility alley in association with major economic events. The overall conclusion is that increases in stock returns during good economic conditions tend to be associated with increases in risk premium, but decreases in overall risk and the impact of bad news (information asymmetry), and increase or decrease in volatility persistent. It is the vice versa during bad times. This conclusion emphasizes findings from previous studies, while providing new intuitions for stimulating more debate on the nature of contradictions from previous studies. Also, our findings have significant implications for investors and decision-makers at corporate, national, and international levels.
Introduction
Economic studies suggest a strong relationship between stock market volatility and other economic factors (Modiglian & Cohn, 1979; Fama, 1981; Hamilton & Lin, 1996) . Schwertz (1989b) shows that stock market volatility changed over time, relative to changes in economic variables between 1848 and 1987. Also, since the stock market crash of October 1987, studies on stock market behavior show evidence of systematic behavioral change in global stock markets over time in relation to global economic cycles (e.g. Kasa, 1992; Jorion & Goetzmann, 1999; Sarantis, 2001; Beck & Levine, 2004; Beltratti & Morana, 2006) , persistent global imbalances, domestic market structures and stock market reforms (Gonzales, Spencer & Walz, 2003; Basher, Hassan & Islam, 2007) ; and behavioral aspects like rational expectations on dividend and interest rates (Shiller, 1981; Nasseh & Strauss, 2004; Cunado, Gil-Alana & Perez De Gracia, 2005) . Therefore, as pointed out by Harvey (1989) , stock markets can play a significant role in forecasting economic performance. A fall or a rise in stock indices may indicate a weak or a sound economic prospect respectively.
Apart from the cyclical behavioral change in individual stock markets, there is also evidence on the integration and correlation of global stock markets. The linkage between markets has been addressed categorically in relation to such issues like the contagion phenomenon (King & Wadhwani, 1990; Caporale, Cipollin & Spagnolo, 2005) , time-variation in the covariance between stock markets and the extent of market integration (Bae & Karolyi, 1994; King, Sentana & Wadhwani, 1994; Bekaert & Harvey, 1995; Longin & Solnik, 1995) , and volatility transmission between markets both within countries (Frank, Gonzales & Hesse, 2008) and across global markets (Ng, 2000; Bartram & Wang, 2005) . In particular, some studies focus on markets' response to global economic shocks like the 1997 Asian economic crisis (Forbes & Rigobon, 2002; Bekaert, Harvey & Ng, 2005; Corsetti, Pericoli & Sbracia, 2005; Caporale, Pittid & Spagnolo, 2006) and the 2007 financial crisis (Beirne, Caporale, Schulze & Spagnolo, 2009; Frank & Hesse, 2009) . Overall, these studies suggest that during crises cross-market correlations increases, asset prices drop largely, alongside increase in market volatility. measures, which started early in 1980s, aimed at increasing market integration. Among other things, these measures included interest rate liberalization, market entry deregulations, reduction of reserve requirements and removal of credit allocation, sharp reductions in direct credit allocations, curtailing the role of state-owned banks while simultaneously stimulating entry by foreign financial institutions. In many emerging markets, these measures increased short-term capital inflows and helped them to finance imports, provide credit to the private sector, pay external debt, and improve the overall economic growth. However, these benefits came at the cost of increasing the countries' exposure to economic vulnerability (Eichengreen, 1999; Rodrik, 1999) . According to Stiglitz (1999) , the market liberalization process had shortfalls because it did not take into account the design and execution of regulation structures appropriate to the circumstances: it was based more in ideology than in economic science.
The Asian economic crisis started in 1997. Among other factors, this crisis is said to be triggered by such factors as: the enormous weight taken by short-term financial capital in the financial structure of emerging markets, following the preceding IMF global liberalization policies and pressure from the US (Stiglitz, 2000) ; weak corporate governance, in association with variables like information disclosure, insider dealings, and corruption (Radelet, Sachs, Cooper & Bosworth, 1998; Mitton, 2002) ; and ownership structure and diversification (Mitton, 2002) . In turn, several financial aspects were affected: for example, replacement of prudential supervision with risk pricing, rise of derivative assets with opaque markets and few players, replacement of bank loans with bonds, and so on. Overall, the Asian financial crisis involved four basic aspects: (1) a shortage of foreign exchange that caused the value of currencies and equities in Thailand, Indonesia, South Korea and other Asian countries to fall dramatically, (2) inadequately developed financial sectors and mechanisms for allocating capital in the troubled Asian economies, (3) effects of the crisis on both the United States and the world, and (4) the role, operations, and replenishment of funds of the International Monetary Fund.
The economic recession that was caused by the 1997 crisis lasted until 2002. Between 2003 and 2007, many countries experienced economic boom as a result of four major factors: high commodity prices, booming international trade, exceptional financing conditions, and high levels of remittances (Griffith-Jones & Ocampo, 2009) . During the same period, stock markets experienced a bull market. These factors started to reverse between 2007 and mid-2008, but the rate of their deterioration was further accelerated by the world financial meltdown from September 2008, which resulted from the US housing bubble. Like the previous crises, the global financial crisis caused considerable economic slowdown globally. The immediately observed effects included the plunging of stock markets and collapse of some investment banks.
There is no a clear-cut date for the end of the global financial crisis. But most stock markets indices (e.g. the S&P 500 index and the Dow Jones Industrial Average (DJIA)) rebounded by the March 2009. Overall, 2009 was practically a great year for all global indices especially equities and bonds which rebounded strongly from an abysmal level in 2008. From this rebound the recovery process started gradually. This can be explained by momentous victory for investors by the end of 2009. For example, the DJIA rose by 59.3% from its March 9 close, and the S&P 500 rose by 64.8%. For the entire 12-month period, the S&P closed the year up 23.45%, and the DJIA closed up 18.82%. The Greece debt crisis, which was revealed in early 2010 has triggers economic chaos all over Europe and globally. It was revealed that successive Greek governments had been found to have consistently and deliberately misreported the country's official economic statistics to keep within the Monetary Union Guidelines. But the degree of fear on the crisis was evidence in May 2010, when the Greek government deficit was again revised and estimated to be 13.6% for the year, which was one of the highest in the world relative to GDP. Total public debt was forecast, according to some estimates, to hit 120% of GDP during 2010. Since then, there has been a crisis in international confidence in Greece's ability to repay its sovereign debt. Despite several rescue efforts, the crisis has been widely spreading to other European countries.
Model and Data Description
We employ an EGARCH-M, a class of ARCH-type volatility models pioneered by Engle (1982) and Bollerslev (1986) . The superiority of these models is mainly based on their ability to allow the conditional variance to vary over-time and capture excess kurtosis available in most financial assets. Founded on the essence of capturing information asymmetry in volatility, the EGARCH model (Nelson, 1991) has several advantages over the standard GARCH model. Particularly, in the EGARCH model, the effect of recent residuals is exponential rather than quadratic, and does not require imposing non-negativity restriction in the value of GARCH parameters. The mean equation with a simple constant can be specified as:
(1) While the variance equation can be expressed as:
In the mean equation (1), R t denotes the daily stock returns;  t is the error term, which is assumed to be normally distributed with zero mean and variance h t ;  t-1 represents random information set available at time t-1. Equation (2) allows good news and bad news to have a different impact on volatility because the level of  t-1 /h t-1 are included with a coefficient  2 for capturing asymmetry volatility. If  2 = 0, a positive shock and a negative shock of the same magnitude have the same effect on volatility. If -1 <  2 < 0, a negative shock increases volatility more than a positive shock. Thus, if  2 > 0, positive shocks cause higher volatility than negative shocks, and vice versa.  1 explains the magnitude of the conditional shock on the conditional variance. EGARCH provides an oscillatory behavior in the conditional variance since , a measure of volatility persistence, can be either negative or positive. Stationarity and ergodicity for the EGARCH model is ensured with < 1: the smaller the absolute value of , the less the volatility persistence after a shock.
To measure risk premium, we follow Engle, Lilien & Robins (1987) by augmenting the variance in the mean equation. In this procedure the expected return on stocks is related to the expected risk. Thus, the mean equation becomes:
where  denotes estimation coefficient reflecting a risk premium with respect to the conditional variance of stock prices. Thus, if the coefficient for risk premium is positive and statistically significant, stock prices can be considered to carry a risk premium, and vice versa. Other researchers have applied this approach in similar studies (French et al., 1987; Koutmos, Negakis & Theodossiou, 1993; Rayhorm, Hassan, Yu & Tanson, 2007; Adrian & Rosenberg, 2008) .
We use daily closing values, P t (without dividends) of 29 stock indices globally, since January 1990 to December 2011, depending on the functioning of the selected stock exchanges (see Appendix A). Data was obtained from Yahoo Finance, which gather stock indices data from different sources, with daily updates provided by Commodity Systems Inc. (CSI). CSI data is also available in bulk on CD-ROM and has gain reputation due to its accuracy, unparalleled scope and longevity. Our analysis uses stock index return (R t = ln(P t /P t-1 ), defined as the first log difference of each stock index. Specifically, we categorize the sample periods as: (1) Pre Asian financial crisis, (2) during the 1997 Asian financial crisis, (3) post Asian crisis: economic recovery, (4) global economic boom, (5) pre global financial crisis (6) during the global financial crisis, (7) post global financial crisis: recovery, (8) Greece debt crisis Figure 1 and Figure 2 depict the standard deviations and means of stock returns in natural logs, respectively (See Appendix B and C). It is clear that, with very few exceptions, global stocks followed an identical volatility alley. The overall observation is that the decrease in returns during bad times tends to aligned with increase in volatility, while the increases in returns during good times seems to be associated with the decrease in volatility. There are, however, some exceptions, in which some of the stock returns continued to increase during the Asian crisis (1997) (1998) (1999) , especially in Europe and America (except IBOVESPA Brazil). Moreover, the highest peak regarding volatility is evident in the two major crises: the Asian economic crisis (1997) (1998) (1999) and the global financial crisis (2008) (2009) . 
Empirical Estimates

Estimation Process and Diagnosis
Estimating GARCH models requires data to be heteroskedastic, which is a stylized fact in daily stock returns (Lamoureux & Lastrapes, 1990; Campbell, Lettau, Malkiel & Yu, 2001) . Jarque-Bera's normality tests suggested non-normal distribution in almost all stock returns, consistent with previous studies (Anderson, Bollerslev, Diebold & Ebens, 2001) . Unit root tests, using Augmented Dickey Fuller (ADF) and Phillip-Peron (PP) proved stationarity in all series (these tests are not reported, but can be available upon request). (02/01/1990 -01/07/1997) This period can be described as the prelude to the 1997 crisis because the global financial sector reforms (liberalization) that took place during this period are said to have significant contribution to the subsequent crisis in Asia. In this sub-sample, the starting date is based on data span, while the ending date links the beginning of the crisis.
Period (2) The Asian financial crisis (02/07/1997 -30/03/1999) The starting date marks the beginning of the crisis in Thailand on 2nd July 1997 with the financial collapse of the Thai Baht following the decision of the Thai government to float the Baht, cutting its peg to the US$. September 1997 is the months in which we can trace the last Asian country to take domestic policy measures following chronological events in the rescue process, when South Korea lowered its short-term interest rate as real economic activities contracted, while the Russian Government defaulted on its sovereign obligations. Later on the effects of the crisis started to spread globally. But March 1999 is said to mark an end of the crisis and the beginning of the economic recovery.
Period (3) The post Asian economic crisis (01/04/1999 -31/12/2002) This period was characterized by economic recovery from the second quarter of 1999. The switching date is selected because by the end of 2002 most of the countries affected by the Asia crisis had bounced back.
Period (4) The Global Economic Boom (02/01/2003 -31/07/2007)
This period was not dominated by abnormal financial and economic events. Many countries experienced economic boom as a result of four major factors: high commodity prices, booming international trade, exceptional financing conditions, and high levels of remittances. Following the recovery from the Asian crisis, July 2007 was the boom peak before experiencing economic slump.
Period (5) The pre Global Financial Crisis (01/08/2007 -16/03/2008 During this period, factors that contributed to the preceding economic boom started to reverse. This is also a period that includes the beginning of the crisis on U.S. market and shows it effects on the other markets. The switching date links this period with the onset of the 2008 financial crisis.
Period ( , as the DJIA rebounded more than 20% from its low to 7924.56 after a mere three weeks of gains. Also, after March 9, the S&P 500 was up 30% by mid May and over 60% by the end of the year. For the entire 12-month period, the S&P closed the year up 23.45%, and the DJIA closed up 18.82%. In this sub-sample, the switching date links the recovery to the beginning of the Greece debt crisis.
Period (8) The Greece Debt Crisis (01/05/ 2010 -15/12/2011) In early 2010 it was revealed that successive Greek governments had been found to have consistently and deliberately misreported the country's official economic statistics to keep within the Monetary Union Guidelines. But the degree of fear on the crisis was evidence in May 2010, when the Greek government deficit was again revised and estimated to be 13.6% for the year. Table 1 summarizes the main economic events. In reality, there are no clear-cut points that separate one economic event from another. However, we select switching-point dates that reasonably represent a dominant global economic condition during that specific period.
We estimate a total of 210 EGARCH models with Generalized Error Distribution (GED), using Maximum Likelihood (ML) estimation technique, while maintaining EGARCH-M (1,1) process. Diagnostic tests for autocorrelation in residuals were performed with Lagrange Multiplier (LM-ARCH) for lags 4, 6, and 12, in
International Journal of Economics and Finance Vol. 5, No. 7; 2013 which the estimated models appear to be efficient. In few cases, where residual ARCH tests failed, we estimate the models with normal (Gaussian) and student-t distribution assumptions (see Appendix D). Then, we compared the LM-ARCH tests for both models and selected the model with superior confidence level in the ARCH tests. In order to ensure consistence in covariance and accuracy of standard errors, the models with normality assumptions followed Bollerslev & Woodridge (1992) for robust standard errors. In certain cases, the normal and student-t assumptions produced relatively consistent diagnostic results. Therefore, Akaike Information Criteria (AIC), Schwartz Information Criteria (SIC), and Hannan-Quinn Information Criteris (HQIC) aided our selection of the appropriate model for making inference. Table 2 presents the coefficients () of estimated risk premia from the mean equation (3). Although not all the coefficients are statistically significant, the signs provide implication regarding risk premia during the predominant economic conditions. Coefficients with negative signs imply absence of risk compensation, whereas positive signs suggest the presence of risk compensation in stock returns.
Results and Discussion
Risk Premia
Specifically, before the Asian economic crisis of 1997, some stock returns seem to have carried risk premia: S&P500, IBOVESPA, ASX (AORD), HANG SENG, NIKKEI255, STRAITS, CAC40, DAX and AEX. But, notable changes occurred in most of the markets during the Asian crisis, in which the risk premia appear to have disappeared in S&P500, ASX (AORD), HANG SENG, AEX and STRAITS, but emerged in IPC, FTSE100, SSMI SWISS, and ATX. Moreover, during this period, the risk premia dropped in some markets like IBOVESPA (from 6.04 to 1.18), CAC40 (from 1.15 to 1.44), and AEX (from 0.55 to 0.34), while increased significantly in NIKKEI (from 0.05 to 7.38). [2009] [2010] seems to have reversed the adverse response of the crisis period, by creating risk premia in all the American markets and most of the Asian and Australian markets except ASX (AORD), NIKKEI255, JKSE, and TA100. In Europe, out of eleven markets, risk premia is only evident in five of them (FTSE100, CAC40, AEX, OSLO, and EURONEX BEL20).
The period covering the Greece crisis appears to have eliminated the risk premia in all the American markets and most of the Asian, Australian, and European markets. Asian and Australian markets that seem to carry a risk premia during this period are ASX (AORD), JKSE, KOPS, TAN100, and NZX50, whereas the only European markets are CAC40, AEX, and OMXS. Figure 3 plots the alley of the risk premia coefficients in global stock returns during the eight sample periods. This alley is cyclical, corresponding to economic cycles, suggesting a direct relationship between global economic conditions and markets' adjustments for risk. American markets seem to follow an identical alley, with the exception on IBOVESPA before the global financial crisis (period 5), and IPC during the global crisis (period 6). In USA, the DJIA and NASDAQ IXIC are highly identical. The identical cycles are also evident in the Asian and Australian markets with the exception of SHANGHAI (pre and during the global financial crisis) and FTSE Malaysia (during the global financial crisis). Likewise, European markets exhibit the same pattern except OSLO and ATX (during the economic boom) and ATHENS (from the global financial crisis to its current debt crisis).
The most adverse effect of the Greece crisis on risk premia can be observed in STRAITS and ATHENS itself. Overall, despite differences in the risk compensation content, favorable economic conditions appear to correspond to improved risk premia in most markets. This suggests that investors significantly bear the risk during bad times as stock prices fail to provide the required risk compensation. One explanation may be that, during bad times, market agents tend to allocate more financial resources in recovery endeavors, and that they are prepared to share the recovery costs. Their decisions to bear the recovery costs can be related to the rational expectation hypothesis in efficient markets, as they expect to benefits during good economic times. Notes: ***, **, *Statistically significant at 1%, 5% and 10% level, respectively. Detailed information with z-statistics is not presented here due to its bulkiness, but it can be produced in request. Table 3 reports the coefficients for information asymmetry ( 2 ) on stock return volatility, corresponding to the variance equation (2). Most of the estimated coefficients are statistically significant at 1 percent level.
Information Asymmetry
Before the Asian crisis (1990 -1997) , markets appear to have reacted differently to news. For USA markets, bad news appears to have induced more volatility than good news in the DJIA (-0.06) and NASDAQ IXIC (-0.09), while the S&P500 (0.38) is contrary. South American markets reacted similar to the S&P500: with IPC (0.17) and IBOVESPA (0.05). Asian and Australian markets provide evidence of the leverage effect in NIKKEI255 (-0.29), STRATS (-0.16), and FTSE Malaysia (-0.25), but not in ASX (0.06) and HANG SENG (0.17). In Europe, only the CAC40 (-0.17) seem to have a leverage effect during this period.
Some differences also appear during the Asian crisis (1997 -1999) , with leverage effects in American markets, except the S&P500 (0.07). Also, Asian and Australian markets show the leverage effects except for ASX (0.05), KOPS (0.03), and TA100 (0.17). For European markets, the leverage effect can be found in the FTSE100 (-0.04) and ATX (-0.37).
During the recovery of the Asian crisis (1999 -2002) , information asymmetry is evident in all markets globally, except the IPC (0.01). Interestingly, the reverse appears to have occurred during the economic boom (2003 -2007) , in which the leverage effects disappeared in most markets, except in NASDAQ IXIC and DJIA (with -0.03 and -0.08, respectively). Thereafter, leverage effects were restored in all global markets before the global financial crisis (2007 -2008) , and were maintained during the crisis (2008 -2009 ) except for the IPC and EURONEX BEL20. Figure 4 plots an alley of the estimated asymmetry coefficients. They provide strong evidence that leverage effects in global stock returns are cyclically responsive to economic cycles. Moreover, despite different degrees of responsiveness, they show a tendency of co-movement along the cycles, in which leverage effects tend to be lower during good economic conditions. This means, bad news tend to increase volatility more than good news during bad economic conditions like the Asian Crisis (2007 -1999) , pre and during the global crisis (2007 -2009) , and the Greece crisis (2010 -2011) . This may suggest that, market agents tend to be more sensitive to bad news during bad times than during good times. Hence, this high sensitivity is likely to trigger more chaos in the market, in its course of the adjustment, leading to more volatility. On the other hand, market agents appear to be more confident during good times. Their reaction to bad news becomes routine, thereby creating calmness in the For American markets, the Brazilian market (IBOVESPA) appears to be the most sensitive to global economic cycles, whereas the USA markets (NASDAQ IXIC and DJIA) are less sensitive. Of all the global markets, these two USA markets are the only that have maintained leverage effects throughout the time since 1990, differing from the S&P500. Asymmetry effects in Asian and Australian markets are highly identical, except the TA100, which appear to have the lowest leverage effects during the economic boom (2003 -2007) . European markets also show identical patterns. However, it is worth to observe that the Greece crisis seems to be associated with more leverage effects in European markets than the rest of the world. Table 4 presents the estimated coefficients () for volatility persistence corresponding to the variance equation (2). Almost all of them are statistically significant at 1 percent level. Overall volatility persistence differs across stock markets, with the most highly persistent stock returns found in the two USA markets (NASDAQ IXIC and DJIA). The cyclical alleys of the persistence are clearly depicted in Figure 5 . The general observation is that American markets follow an identical persistence pattern, with exceptional swings in the Mexican market (IPC) during and after the economic boom (2003 -2008) . In these American markets, the Asian crisis (2007 -2009) seems to have negligible effect on volatility persistence. But, an increase is notable after the crisis towards the economic boom (1999) (2000) (2001) (2002) (2003) (2004) (2005) (2006) (2007) , followed by a substantial decrease before the global crisis (2007) (2008) . This was then followed by an increase during the crisis (2008) (2009) ) towards the crisis recovery (2009) (2010) . Like the Asian crisis, the Greece crisis appears to have no significant impact on volatility persistence in American markets, except in Argentina (MERVAL) where persistence decreases from 0.76 to 0.50. 
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In Asian and Australian markets, the persistence in response to the Asian crisis is vivid in some stock returns, in which an increase is found in Hong Kong (HANG SENG), Australia (ASX (AORD)), and Malaysia (FTSE), while a decrease is observed in Japan (NIKKEI255) and Singapore (STRAITS). During the post crisis recovery (1999) (2000) (2001) (2002) , there was a slight decrease in volatility persistence for ASX (AORD), STRAITS, and TSEC, but an increase for KOPS, TA100, BSE, HANG SENG, and NIKKEI255. The economic boom (2003) (2004) (2005) (2006) (2007) appears to have been associated with increase in persistence for TA100, STRAITS, HANG SENG, TSEC, and SHANGHAI, a decrease for BSE and FTSE Malaysia, but no significant changes in other markets. After the boom, a significant decrease is noticed in most of the markets (i.e. ASX (AORD), JKSE, KOPS, TA100, FTSE Vol. 5, No. 7; 2013 Malaysia, TSEC, and SHANGHAI) until the global crisis (2008) (2009) . However, the response appears to be different for NIKKEI255, HANG SENG and NZX50, where volatility persistence seems to have decreased during the crisis. The post crisis recovery (2009) (2010) shows increase in volatility persistence in all stocks, followed by a decrease during the Greece crisis (2010) (2011) , except for SHANGHAI, NIKKEI255, and FTSE Malaysia.
For European markets, the Asian crisis (1997) (1998) (1999) was aligned with decrease in volatility persistence for most of the stocks (except DAX), followed by an increase during the recovery (1999) (2000) (2001) (2002) for AEX, FTSE100, SSMI SWISS, DAX, and CAC40. The economic boom (2003) (2004) (2005) (2006) (2007) provided mixed responses, with persistence increase for ATX and CAC40, but a decrease for AEX, FTSE100, and SSMI SWISS. Like the Asian markets, the global crisis (2008) (2009) ) was associated with a decrease in persistence in all the European markets, followed by an increase during the recovery (2009) (2010) , before decreasing again during the Greece crisis (2010) (2011) . The only exception is OMXS in which persistence seems to decrease consistently throughout all the periods, but seems to increase only during the Greece crisis. Overall, these cycles suggest that, mostly, volatility persistence tends to decrease during bad economic conditions, and increase during good conditions. High volatility persistence means slow adjustment process in stock markets.
Concluding Remarks
This study has employed EGARCH-M models to examine cyclical nature of stock returns in relation to economic cycles. In such, it addresses issues relating to stock return volatility, risk premium and information asymmetry. These issues have been extensively investigated in previous studies, but there exist enormous contradictions and debates. The main unclear issues relate to stock return response during bad times and good times, response to bad news and good news, and risk-return trade-off. In examining these debatable aspects, this study incorporates a wider and systematic alley of major global economic events since 1990s to the end of 2011.
The main objective is to provide a corroborative evidence of the cyclicality nature of stock return volatility in the global context, and present a consolidated volatility alley in association with major economic events. Our specific results suggest different reactions amongst markets during bad and good times, and following bad and good news. However, the general view is that, with few exceptions, good economic conditions are mostly associated with a rise in stock returns and risk premia, a fall in volatility and the impact of bad news on volatility (information asymmetry), and a fall or rise in volatility persistent. It is the vice versa during bad times.
It was beyond the scope of this paper to investigate the factors for the different reactions in global stock markets. However, there are some economic and policy implications. As pointed out in Bollerslev & Tauchen (2009) , high (low) premia is a predicting sign of high (low) future returns, consistent with a common financial theory that risk premia should be highest during bad times and lowest during good times. However, this study shows that not all markets comply with this theory. Other things being equal, increase in risk premia during good times implies market adjustments to increase in volatility during the preceding bad times. That is, increase in volatility (during bad times) forces market participants to adjust the expected risk premia by increasing the demand for higher returns. Therefore, investors in these markets should not expect immediate compensation for risk during bad times since, in most markets, the highest risk premia appear to be achieved during good times. Instead, they should strategize their investment portfolio by diversifying their stocks in markets with different responses to economic shocks.
Also, the fact that not all markets are consistent with the common economic proposition of higher volatility during bad times implies differences in investors' reactions across markets, which tend to be caused by several factors like: behavioral responses relating to trading noise and the nature of information flow (French and Roll, 1986) , institutional features of markets (Yen & Lee, 2000) , value of trading currency (Fang, 2002) , the extent to which market are hit by economic shocks (Schwert, 1989a) , and financial leverage effects (Schwert, 1989b) . This is a caution to market regulators to avoid generalizing volatility measures: instead, they should apply specific measures that suit specific market circumstances. Moreover, the cyclic nature of stock return volatility emphasizes the caution by Schwertz (1989a) against regulatory motives aiming at controlling stock market volatility. 
